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Fig. 1 Typical flow chart of drug target discovery
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Potential Drug Target Discovery Based on Bioinformatics Methods”

LIU Wei, XIE Hong-Wei™
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National University of Defense Technology, Changsha 410073, China)

Abstract Typically a drug target is a key molecule involved in a particular metabolic or signaling pathway, that is
specific to a disease condition or pathology. Drugs may be designed that bind to the active region and inhibit this
key molecule. Determining specific disease-related target molecules is the basis of modern drug development. In
the process of drug target discovery, bioinformatics methods play irreplaceable roles, especially suited for the
analyses of large-scale and multi-omics data. On current, many disease-related database resources have emerged.
Various bioinformatics methods have been established based on biological network characteristics, multiple gene
chips, proteomics and metabolomics data to discover potential drug targets, and predict the target druggability and
side effects of drugs.
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